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Abstract

Information granulation has attracted much attention for simulating the way humans analyze and deal

with complex problems. Considerable strides have been made on theory and method of information granulation,

typically based on fuzzy set theory, rough set theory, quotient space theory and so on, where fuzzy information

granulation aims at handling problems and phenomena with fuzziness. In this paper we review establishment and

development of fuzzy information granulation, sort out systematic structure of fuzzy information granulation. We

summarize the extensive applications of fuzzy information granulation in fields such as clustering, forecasting and

association rules mining.

Keywords

mining

information granulation; fuzzy information granulation; clustering; forecasting; association rules

[ DA 20 - Bl G ]


https://doi.org/10.1002/int.21726
https://doi.org/10.1016/j.asoc.2018.09.032
https://doi.org/10.1109/TFUZZ.2020.3048514
https://doi.org/10.1109/69.683754
https://doi.org/10.1109/69.683754
https://doi.org/10.3969/j.issn.1008-0562.2001.05.023
https://doi.org/10.3969/j.issn.1008-0562.2001.05.023
https://doi.org/10.1007/s00500-018-3052-x
https://doi.org/10.1007/s00500-015-1978-9
https://doi.org/10.1016/j.knosys.2019.02.001
https://doi.org/10.1016/j.knosys.2019.02.001
https://doi.org/10.1016/j.knosys.2019.02.001
https://doi.org/10.1002/int.21726
https://doi.org/10.1016/j.asoc.2018.09.032
https://doi.org/10.1109/TFUZZ.2020.3048514
https://doi.org/10.1109/69.683754
https://doi.org/10.1109/69.683754
https://doi.org/10.3969/j.issn.1008-0562.2001.05.023
https://doi.org/10.3969/j.issn.1008-0562.2001.05.023
https://doi.org/10.1007/s00500-018-3052-x
https://doi.org/10.1007/s00500-015-1978-9
https://doi.org/10.1016/j.knosys.2019.02.001
https://doi.org/10.1016/j.knosys.2019.02.001
https://doi.org/10.1016/j.knosys.2019.02.001
https://doi.org/10.1002/int.21726
https://doi.org/10.1016/j.asoc.2018.09.032
https://doi.org/10.1109/TFUZZ.2020.3048514
https://doi.org/10.1109/69.683754
https://doi.org/10.1109/69.683754
https://doi.org/10.3969/j.issn.1008-0562.2001.05.023
https://doi.org/10.3969/j.issn.1008-0562.2001.05.023
https://doi.org/10.1007/s00500-018-3052-x
https://doi.org/10.1007/s00500-015-1978-9
https://doi.org/10.1016/j.knosys.2019.02.001
https://doi.org/10.1016/j.knosys.2019.02.001
https://doi.org/10.1016/j.knosys.2019.02.001

	0 引言
	1 模糊信息粒化的理论基础
	2 模糊信息粒化的方法论
	2.1 模糊信息粒化的问题本源
	2.2 模糊信息粒的建立原则与方法
	2.2.1 实数数据模糊信息粒的建立原则与方法
	2.2.2 时序数据上模糊信息粒的建立原则与方法
	2.2.3 区间时序数据上模糊信息粒的建立原则与方法
	2.2.4 建立模糊时序数据模糊信息粒的原则与方法
	2.2.5 建立他类数据模糊信息粒的原则与方法


	3 模糊信息粒化的应用
	3.1 应用于预测
	3.2 应用于聚类
	3.3 应用于关联规则挖掘
	3.4 应用于其他领域

	4 结语

